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Outline

• About PSMG: “advance the field of prevention science and support 
the implementation of evidence-based prevention programs.”

• Brief overview of child welfare policy and practice in the US

• Focus on preventing child abuse and neglect and implementing evidence-based 
practices in public child welfare

• Predictive analytics in child welfare

• An ethical framework applied to a child welfare prevention policy

• Findings from recently completed qualitative study
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National Overview of Child Fatalities
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2019 Child Fatalities:
• Mostly young children

• 45% <1 years; 70% <3 years old

• Differences by race
• 44% White; 2.2 per 100,000
• 29% African-American; 5.1 per 100,000

• 73% neglect, 44% abuse
• 80% perpetrators are 

parental caregiver
• 34% had prior CPS contact, 

7% identified as prior 
victim



100,000 dots
Can we prevent 3 child abuse fatalities in this group?
What about the 23 per 100,000 for infants < 1 years old?



Prevention in the Child Welfare System



Child Maltreatment Prevention Policy History

• “Modern” era began in 1960s, battered child syndrome

• State reporting and response systems

• Led to CAPTA in 1974, (P=prevention)

• Official reporting system = focus on preventing recurrence

• Keeping Children and Families Safe Act of 2003

• Directly funds prevention

• Families First Preventive Services Act, 2018

• Always major imbalance in prevention vs. intervention

• “Preventive Services” 15% of total child welfare expenditures

7

https://www.childtrends.org/publications/child-welfare-financing-survey-sfy2018

https://www.childtrends.org/publications/child-welfare-financing-survey-sfy2018


Oversimplified Description of 
Child Welfare Policy over Time 

Child Protection/Safety

Children’s Rights

Foster care benefits

Public good

Family Preservation

Parental Rights

Foster care iatrogenic effects

Government intrusion



Prevention of Child Maltreatment Fatalities



Prevention of Child Maltreatment Fatalities



Analytics with administrative data to prevent 
child maltreatment?!?

How did we get here?

• Translation of scholarly research

• Epidemiologic research of state-level data consistently showed promise

• Administrative records allow for prospective analysis using retrospective 
records,

• Can we predict “future” events from prior data?

• Extended to “real-time” predictive analytics in child welfare practice





The Rise (and Plateau) of Predictive Analytics



Current Models



Ethical Frameworks

FAT/ML

Fairness, 
Accountability, and 
Transparency in 
Machine Learning

https://www.fatml.org/



Birth Match



So, What is Birth Match?

Birth Record with 
Infant and Parent 
Information 

Matches identified resulting in local CPS 
response (investigation)

Linked with historical CPS data



Prevention of Child Maltreatment Fatalities



Prevention of Child Maltreatment Fatalities



Grand Challenges for Social Work



Initial Concerns about Birth Match Policy

• Developed in response to specific high-profile (media attention, headline 
grabbing) fatal maltreatment cases

• No evidence regarding prior TPR as a risk factor for fatal infant maltreatment

• Yes prior CPS involvement is a risk factor, but no evidence for TPR as proxy for highest risk

• No evidence that Birth Match is efficacious or effective on any scale

• No publicly available reviews of policy implementation

• Is this the right thing to do? = Many open questions of ethics

• Do the potential negative consequences of over-surveillance of vulnerable groups 
outweigh the benefits of preventing fatal maltreatment?

• What is our societal tolerance for false positives?

• Is this use of data in line with other applications in data science?



Prior Work



Current Study
PUR PO SE:  DE SCR IBE  T HE  IMPL EME NTAT IO N O F B IR T H MATCH 



Key Informant Interviews with State-Level 
Officials Responsible for Implementation of Birth 
Match

• Interview topics

• History of Birth Match

• Process for identification and 
automated data linkage

• Organizational structure for 
policy implementation

• Effectiveness of the policy 
through evaluation

• Limitations and unintended 
consequences of the policy



Key Informant Interviews with State-Level Officials Responsible for 
Implementation of Birth Match

Findings

• Why did states decide to do Birth Match?

• Focus on child safety following high-profile child deaths

• Legal precedent for it (i.e., anticipatory neglect)

• What does their system look like when implemented?

• No manual for Birth Match, all states doing it differently

• Implementation challenges

• What have states found from evaluation of Birth Match?

• Little or no ongoing evaluation or public review of the policy

• Not sure if it is working to prevent infant maltreatment

• Little or no consideration of unintended consequences or impact on families

• Awareness of issues related to racial/ethnic disparities in child welfare, but hadn’t looked at it



Conclusion and 
Recommendations

• Conduct research to determine whether Birth 
Match is effective and what are the tradeoffs

• Start with smaller pilots prior to 
statewide/jurisdiction implementation

• Engage families targeted by Birth Match in all 
stages of implementation

• Implement desirable documentation and principles 
of fairness, accountability, and transparency 

• Education of the public, social workers, advocates, 
policymakers about algorithmic decision-making





Future Questions/Directions for the Field

• Are we trying to identify a “black swan” – fatal infant maltreatment is 
extremely rare

• Is the goal to replace social workers with computers, or are we 
designing new tools to help social workers do their job (human-
computer interaction)? How does this change the work?

• Can jurisdictions identify/use a common set of evaluative/equity 
criteria? How do we make this an ongoing process versus checking a 
box?

• Does COVID-19 and reduced reporting rates impact our calculus 
about the need for more surveillance?



Thank you!!
Questions/Comments

Contact info:

Paul Lanier
email: planier@unc.edu
Twitter: @planierunc

Daniel Gibbs
email: dangibbs@email.unc.edu
Twitter: @daniel_j_gibbs
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